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TEREFR I SCARAE RSN HATRT LG, KB GPT-2
TERLE 2 ) B HLAE AT 55 USRS, T2k d
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P(u) = softmax(h, W) (5)

U A2 SUIR 1) A T A R

LU) = ZlogP(uiluifk, ey uim1)  (6)
o A WEMIIERR . HOrvk N :
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Y DA R T B SO TR [14], 1N

SRR, MR 2k N LIt gy BTSRRI 1.
AR, 92.15% [ EOR e B BUAR A A 0 SO A T ST 5 . SO E
BT I RE:

o, EA 17.02% IR EZ mAENE R (—
AR SR L), BB T8 14 o BRI T4
HIBRISE S o 25 T DA A R o EBHCHR A



i (i R )

5]

W3t Je i 25 SN W (R IR0
IR 18 e 1 2 B SR S 2K T
YRAEZ G N 2 EAERFEE
*AREZ RN T AR
FRTEB IR B B
PR T ARBITA
AT IR IR KR
AT SR FLAYIETZ

* RIS A 2SN I TR T T P B T P A W ) YR
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BT —ER T EE . RRAEELE R, —
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WAl 7.11 6.78 7.33 8.33 7.56
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DjangoEZ.  Django ;& — M HRIEARS ) Web [
HHEZE| B Python H. % MVT (Model-View-
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Hasia], AP AZEIRIA seq2seq 4 DAfE 2%
SRR
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